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➤ Uniform data processing, finalize QC 
➤ Differential modification analysis between cell types and brain regions 
➤ Role of cell type composition in epigenetic variation 
➤ Genetic regulation of histone modification 

➤ integrate with GWAS and eQTL summary statistics 
➤ Interpret the effect of non-coding variation

Analysis Goals

















Create a consensus peak for H3K4me3 

Merge all the narrow peaks Consensus Peaks 



Keep all the peaks 
where at least in one 
Study, 10% of 
individuals show 
significant coverage 
(cpm>1) 







Genetics-only approach 

DeepMind: hQTL + CNN
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Neural network functional prediction 
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Neural network functional prediction 

Basset (Kelly, et al. 2016,  
Genome Research)

Data Software Hardware

Variant-level functional prediction



Functional scores from ATAC-seq
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